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Overview of semantic segmentation of road scene based on Feature Fusion
Zhiyuan Zeng Pengju Gao
School of information engineering, North China University of water resources and hydropower

[Abstract] Image semantic segmentation based on deep learning is an important research content in computer
field in recent years. It is one of the important methods to realize scene perception and scene understanding.
After summarizing and analyzing the semantic segmentation methods of road scenes in recent years, the
development of semantic segmentation of road scenes is introduced firstly. Secondly, according to the different
feature fusion forms in semantic segmentation of some road scenes, the semantic segmentation methods based on
feature fusion path scene are divided into encoder—decoder structure, spatial pyramid structure, multiple path
form and attention mechanism. Then some common road scene data sets are introduced. Finally, the future
research direction of road scene semantic segmentation is prospected.
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